
R E S E A R C H Open Access

© The Author(s) 2025. Open Access  This article is licensed under a Creative Commons Attribution-NonCommercial-NoDerivatives 4.0 
International License, which permits any non-commercial use, sharing, distribution and reproduction in any medium or format, as long as you 
give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons licence, and indicate if you modified the 
licensed material. You do not have permission under this licence to share adapted material derived from this article or parts of it. The images or 
other third party material in this article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not permitted by statutory regulation or 
exceeds the permitted use, you will need to obtain permission directly from the copyright holder. To view a copy of this licence, visit  h t t p  : / /  c r e a  t i  
v e c  o m m  o n s .  o r  g / l  i c e  n s e s  / b  y - n c - n d / 4 . 0 /.

Lin et al. BMC Microbiology          (2025) 25:202 
https://doi.org/10.1186/s12866-025-03926-4

BMC Microbiology

†Liying Lin, Wanxin Li and Lingjun Yan shared first authors to this 
work.

*Correspondence:
Fenglin Chen
drchenfl@fjmu.edu.cn
Weimin Ye
ywm@fjmu.edu.cn
1Department of Gastroenterology and Fujian Institute of Digestive 
Disease, Fujian Medical University Union Hospital, Fuzhou 350001, Fujian, 
China

2Department of Epidemiology and Health Statistics & Key Laboratory 
of Ministry of Education for Gastrointestinal Cancer, Fujian Medical 
University, Fuzhou 350000, China
3Department of Neurosurgery, The First Affiliated Hospital, Fujian Medical 
University, Fuzhou 350005, Fujian, China
4Department of Neurosurgery, Binhai Campus of the First Affiliated 
Hospital, National Regional Medical Center, Fujian Medical University, 
Fuzhou 350212, Fujian, China
5Department of Medical Epidemiology and Biostatistics, Karolinska 
Institutet, Stockholm 17177, Sweden

Abstract
Background Variation in gastric cancer (GC) incidence across different geographic areas persists, even when 
there are similar prevalence rates of Helicobacter pylori (H. pylori) infection. An extensive examination of the gastric 
microbiota in populations from both high- and low-risk regions of GC could help explain the geographical disparities 
in GC incidence.

Methods This study enrolled a total of 130 patients with superficial gastritis (SG) and precancerous lesions of gastric 
cancer (PLGC) from a high-risk area for GC and 205 patients from a low-risk area. Gastric microbial profiling was 
performed using 16 S rRNA gene sequencing to analyze differences in microbial composition between regions and 
lesion types.

Results The study revealed significant differences in gastric microbial profiles between patients from high- and 
low-risk regions, particularly in PLGC patients. PLGC patients from the low-risk region exhibited higher microbial 
richness than those from the high-risk area, with marked distinctions in microbial community structure between the 
two regions. Specific differences in microbial composition were observed at the phylum and genus levels between 
different regions. Six bacterial genera, including Selenomonas and Peptostreptococcus, were identified as enriched in 
PLGC patients from the high-risk area. Additionally, there was a noticeable imbalance in the microbiota of the gastric 
mucosal lining during the progression of gastric lesions.

Conclusion This comparative analysis highlights the potential impact of the gastric microbiome in the development 
of GC and suggests that regional differences in microbial profiles may provide clues to the varying incidence rates of 
GC.
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Background
Gastric cancer (GC) stands as the fifth most prevalent 
form of cancer on a global scale and is identified as the 
fourth leading cause of cancer-related mortality world-
wide [1]. GC’s incidence and mortality rates exhibit sig-
nificant regional variations, with particularly high rates 
observed in Eastern Asia, notably in China, Japan, and 
South Korea [2–4]. According to the latest data from 
Cancer Statistics in China [5], approximately 358,700 
patients were diagnosed with GC, and an estimated 
260,400 patients died from GC in 2020, underscoring 
its persistent impact on public health in China. Simi-
larly, GC displays a markedly diverse geographical dis-
tribution within China, predominantly influenced by 
environmental variabilities, lifestyle habits, and genetic 
predisposition [6]. Recent studies have proposed the gas-
tric microbiome’s potential implication in the GC’s initia-
tion and progression.

Helicobacter pylori (H. pylori) infection stands out as 
the most significant risk factor for GC [7, 8], as it can pre-
cipitate chronic inflammation and subsequently initiate 
the Correa’s cascade, a stepwise progression from super-
ficial gastritis (SG) to chronic atrophic gastritis (CAG), 
intestinal metaplasia (IM), dysplasia (DYS) and even-
tually adenocarcinoma [9, 10]. Nonetheless, it appears 
that only a fraction of individuals infected with H. pylori 
eventually progress to GC [11]. And the incidence of GC 
exhibits significant variability within populations char-
acterized by similar rates of H. pylori infection, indicat-
ing a potential influence of the non-H. pylori microbiota 
and altered gastric microbial profiling in GC tumorigen-
esis [12]. There has been a growing interest in studying 
changes in the stomach’s microbiota during the develop-
ment of gastric lesions. A previous study conducted in 
a region with a high incidence of GC revealed notable 
differences in microbial diversity and community struc-
ture across various gastric lesions [13]. Furthermore, the 
abundance of certain pathogenic bacteria demonstrates 
an increase when progressing from the normal state to 
the early precancerous state in a population with low-H. 
pylori prevalence, as evidenced in a separate study [14].

Despite these advancements, there is a lack of compar-
ative research on the gastric microbiota in patients with 
different gastric lesions in high-risk and low-risk areas 
for GC. Such studies could offer critical insights into the 
potential role of the gastric microbiome in relation to the 
geographical disparities in GC incidence and might facil-
itate the development of innovative preventive and thera-
peutic approaches.

In this study, we undertook a comparative profiling of 
gastric microbiota in patients presenting with SG and 
precancerous lesions of gastric cancer (PLGC, encom-
passing CAG, IM, and DYS) originating from both high-
risk and low-risk areas for GC.

Materials and methods
Study population and sample collection
Patients undergoing gastroscopy at the endoscopy cen-
ters of Changle District Hospital in Changle (Fuzhou, 
Fujian province, China), a high-risk area for GC (the inci-
dence of GC was 29.58/100,000 in 2019) and Min Dong 
Hospital in Fu’an (Ningde, Fujian Province, China), a low-
risk area for GC (the incidence of GC was 8.95/100,000 
in 2019), were recruited for this study. Individuals resid-
ing within the local area and the age range of 20 to 80 
were considered eligible to participate. Exclusion criteria 
included the presence of cancer, severe medical or psy-
chiatric illnesses, current pregnancy, or breastfeeding. 
All participants were invited to complete a questionnaire 
on their lifestyle habits, disease, and medication history 
before undergoing gastroscopy (supplementary question-
naire). We collected 5 mL of fasting venous blood from 
each patient directly into a blood collection tube con-
taining EDTA. Within 30 min after collection, the sam-
ple was centrifuged at 3500 rpm for 10 min. The serum 
was then immediately frozen at -80  °C and stored for 
future use. Gastroscopic examinations were performed 
by skilled endoscopists following a structured endoscopy 
protocol. Gastric biopsy specimens were taken from the 
gastric antrum and gastric body, with additional biop-
sies taken from any suspected precancerous lesions as 
needed for histopathological evaluation and diagnosis. 
Subjects were classified according to the most advanced 
histopathological lesion observed. In addition, cytology 
brushing samples from the antrum were obtained during 
the endoscopy for 16  S rRNA sequencing. The samples 
collected were immediately frozen at − 80  °C and stored 
for later use.

Between March 2017 and December 2017, 213 eligible 
subjects were enrolled at Changle District Hospital, with 
19 individuals excluded for lack of a precise pathological 
diagnosis, along with 1 case diagnosed with GC, 4 sub-
jects with missing or incomplete questionnaire informa-
tion, and 59 who used antibiotics, bismuth or PPI within 
4 weeks before endoscopy. From May 2018 to August 
2018, 255 eligible subjects were enrolled at Min Dong 
Hospital, with 12 individuals excluded due to unclear 
pathological diagnosis, along with 17 subjects with miss-
ing or incomplete questionnaire information, 20 who 
used antibiotics, bismuth or PPI within 4 weeks before 
endoscopy, and 1 participant with disqualified 16 S rRNA 
sequencing data. Ultimately, 130 patients from Changle 
remained, including 27 with SG and 103 with PLGC (85 
CAG, 6 IM and 12 DYS). Similarly, 205 patients from 
Fu’an were left, including 130 with SG and 75 with PLGC 
(50 CAG, 21 IM, and 4 DYS) for final analysis. The flow-
chart of participant enrollment is presented in Fig.  1. 
The research protocol received approval from the Ethics 
Committee of Fujian Medical University Union Hospital 



Page 3 of 12Lin et al. BMC Microbiology          (2025) 25:202 

under reference number 2017KY064. Furthermore, writ-
ten informed consent was obtained from all participants 
involved in the study.

DNA extraction and sequencing
The genomic DNA was extracted from antrum brush-
ing samples using a two-step method. First, the samples 
underwent pretreatment with lysozyme lysis buffer 
(20  mg/ml lysozyme dissolved in 1 mM EDTA, 20 mM 
Tris HCl pH 8.0 and 1.2% Triton X-100) and mechanical 
bead beating, then the genomic DNA was extracted using 
the Magnetic Universal Genomic DNA Kit (Tiangen Bio-
tech, Beijing, China) in accordance with the manufactur-
er’s instruction.

The V3-V4 hypervariable region of the bacterial 16S 
rRNA gene was amplified from the extracted DNA 
samples with universal primers (341F, 5’-CCTAC-
GGGNGGCWGCAG-3’; 805R, 5’-GACTACHVGGG-
TATCTAATCC-3’). All PCR reactions were amplified 
using KAPA HIFI HotStart ReadyMix (KAPA Biosys-
tems, USA), with a reaction system of 12.5  µl of KAPA 
HIFI HotStart ReadyMix, 1  µl each for upstream and 
downstream primers (10 µM), along with 50 ng DNA, 
and finally with ddH2O used to replenish to 25  µl. The 
PCR cycling parameters were a 5 min denaturation cycle 
at 95  °C, followed by 35 cycles of the following: 98  °C 
for 30  s, 60  °C for 30  s, and 72  °C for 30  s, followed by 
a 2  min extension at 72  °C, and finally 4  °C until the 
end. Next, PCR product was purified using Agencourt 
AMPure XP (Beckman Coulter, USA). A second-round 
PCR amplification was performed on the purified PCR 
product, by adding Illumina sequencing-compatible and 

barcode-index, and then being purified again. Finally, 
the library was merged in equimolar ratio and 2 × 300-bp 
paired-end sequencing was performed on the Illumina 
MiSeq platform (Illumina, USA) with PhiX control.

Detection of serum gastrin
The serum gastrin concentrations of all samples were 
measured using the ELISA Kit for Gastrin (GT) (Cloud-
Clone Corp., China). The manufacturer reports a 
detection range of 12.35 pg/mL to 1,000 pg/mL, with a 
sensitivity of 4.89 pg/mL and intra- and inter-assay coef-
ficients of variation (CV) both less than 15%. The analysis 
was conducted in a controlled laboratory setting, strictly 
following the manufacturer’s instructions. According 
to the instructions, gastrin concentrations were calcu-
lated using individual standard curves for each plate. 
Specifically, six standards provided by the manufacturer 
(12.35–1,000 pg/mL) and blanks were used. The standard 
curves were generated by subtracting the optical density 
of the blanks from the standard solutions and plotting 
the resulting optical densities. The gastrin concentrations 
of the samples were then calculated using the equations 
derived from the standard curves of the corresponding 
plates.

Sequencing data processing
The demultiplexed paired-end 16 S rRNA sequences were 
processed using QIIME2 (v.2020.8.0) [15]. The primer 
and adapter sequences were trimmed using Cutadapt. 
Subsequently, the DADA2 plugin was used for sequence 
quality filtering and denoising, chimera removal, and 
finally, the remaining sequences were merged to obtain 

Fig. 1 The flowchart of enrollment of study participants
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amplicon sequence variants (ASVs) table with appropri-
ate parameters (forward and reverse reads were length 
trimmed at 260 and 201 bases, respectively) [16]. Taxo-
nomic classification of ASVs was carried out using the 
QIIME2 naive-Bayes classifier, based on the GreenGenes 
database (version 13.8) [17]. ASVs with a frequency less 
than 0.001% of the total number of sequences, as well 
as those assigned to chloroplast, mitochondrial, and 
eukaryotic sequences, were discarded. One sample with 
less than 1000 sequence reads was further excluded from 
subsequent analysis. Finally, the filtered ASV table was 
created for further downstream analysis. Then, based on 
representative sequences of ASVs, a rooted phylogenetic 
tree was constructed using the FastTree plugin [18].

Statistical analysis
A filtered ASV table, taxonomic table, sample informa-
tion table and phylogenetic tree from raw sequencing 
data processing were integrated into a microtable class 
for subsequent data preprocessing using the ‘microeco’ 
package [19]. All samples were rarefied to the small-
est number of sequences for diversity analysis. Bacterial 
alpha-diversity was assessed by Observed ASVs, Chao1 
and Shannon, Simpson indexes. Beta diversity was esti-
mated using principal coordinate analysis (PCoA) on 
Bray-Curtis dissimilarity and weighted Unifrac dis-
tance and its significance was tested by permutational 
multivariate analysis of variance (PERMANOVA) with 
999 permutations in the ‘vegan’ package (Adonis test in 
the “vegan’ package). The redundancy analysis (RDA) 
and Mantel test were applied to evaluate the correla-
tion between environmental variables and microbial 
beta diversity distance matrices (Bray–Curtis distance 
matrices). Linear discriminant analysis (LDA) effect 
size (LEfSe) analysis was conducted to identify dif-
ferentially abundant genera with relative abundance 
higher than 0.01% between groups (LDA score > 3.0 and 
P value < 0.05). To further refine our analysis and control 
for potential confounding factors, we employed mixed-
effects models using MaAsLin2 (Multivariate Association 
with Linear Models). Specifically, we adjusted our mod-
els to incorporate smoking, alcohol consumption, and 
H. pylori infection as fixed effects, which are known to 
influence both gastric microbiota composition and gas-
tric cancer risk.

Participants with a relative abundance of less than 1% of 
H. pylori were grouped as H. pylori-negative, while those 
with greater than 1% were grouped as H. pylori-positive 
as previously described [20, 21]. The baseline charac-
teristics of participants were compared by the Student’s 
t-test for continuous variables and the Chi-squared test 
for categorical variables. Wilcoxon rank test or Kruskal-
Wallis sum-rank test was used to test for differences in 
alpha-diversity indices and the relative abundance of taxa 

between groups. Odds ratios (ORs) and 95% confidence 
intervals (CIs) were utilized to assess the relationship 
between categorical alpha diversities and the risk of gas-
tric lesion severity using ordinal logistic regression analy-
sis. Analyses were performed without adjustment and 
with adjustment for age, sex, and variables potentially 
affecting alpha diversity. To account for the large num-
ber of taxa comparisons and reduce the risk of false posi-
tives, we applied the false discovery rate (FDR) correction 
method using the Benjamini-Hochberg procedure. The 
FDR-adjusted P-values were considered significant at a 
threshold of 0.05. All other analyses were performed with 
R software version 4.1.0. All tests were 2-tailed, and sta-
tistical significance was set to P < 0.05.

Results
Basic characteristics of study participants
A total of 27 patients with SG and 103 patients with 
PLGC from the Changle area were included in the study, 
along with 145 SG cases and 80 PLGC cases from the 
Fu’an region. The basic characteristics of these patient 
groups in both areas are presented in Table  1. In the 
Changle region, PLGC cases had a lower likelihood of 
having ever smoked and a higher H. pylori infection 
rate (58.25% vs. 37.04%) compared with SG controls, 
while age, sex, education level, BMI, alcohol consump-
tion and serum gastrin levels showed no substantive dif-
ferences between the groups. Similarly, within the Fu’an 
region, the PLGC patients displayed higher rates of H. 
pylori infection compared to the SG controls (62.67% 
vs. 48.46%), with the other fundamental characteristics 
being comparable between the two groups. Among the 
180 patients identified as H. pylori positive, the average 
relative abundance of H. pylori was 22.78% (range: 1.02-
94.25%). Specifically, the average relative abundance of H. 
pylori of the patients with SG was 14.22% in the Changle 
region and 11.20% in the Fu’an region. For those with 
PLGC, H. pylori showed high dominance, with average 
relative abundances of 35.64% in the Changle region and 
23.70% in the Fu’an region.

Summary of sequencing data
Illumina high-throughput sequencing for the brushing 
samples generated 19,163,031 raw reads with an average 
of 46,175 reads per sample. A total of 12,701,167 high-
quality reads were obtained after quality filtering, which 
were clustered into 27,185 ASVs. After filtering out ASVs 
with a frequency less than 0.001% of the total number 
of sequences or those assigned to the chloroplast, mito-
chondrial and eukaryotic sequences, the remaining 2,739 
ASVs were retained for further analysis.

The rarefaction curve flattened with an increasing 
number of measured sequences, indicating that the cur-
rent sequencing depth was sufficient to ensure adequate 
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coverage (Fig. 2A). As illustrated in the Venn diagram of 
Fig.  2B, our analysis identified 1,383 ASVs in SG cases, 
2,248 ASVs in PLGC cases from the Changle region, and 
2,479 ASVs in SG cases, 2,201 ASVs in PLGC cases from 
the Fu’an region. Notably, there was an overlap of 1,115 
ASVs common across all groups examined.

The gastric microbiota profile in SG and PLGC patients 
differs across regions
We initially compared the microbial alpha diversity 
and community structures between Changle and Fu’an 
regions in patients with different degrees of gastric 
lesions. For the alpha diversity, microbial richness was 
estimated using the observed ASVs and Chao1 indices, 
and diversity was determined with Shannon and Simp-
son indices. We observed no significant differences in 
microbial community richness and diversity between 
the two regions among the SG patients (Fig. 3A). How-
ever, in PLGC patients, those from Fu’an region exhibited 
significantly higher microbial richness than their coun-
terparts in Changle, as indicated by the observed ASVs 
(Wilcoxon test, P = 0.010) and Chao1 index (Wilcoxon 
test, P = 0.009), although diversity, as measured by the 
Shannon and Simpson indices, did not differ significantly 

(Fig. 4A). For the beta diversity, PCoA plots based on the 
Bray-Curtis dissimilarity matrix revealed significant dif-
ferences in community composition between two regions 
both in SG (Adonis R2 = 0.02, P = 0.004) and PLGC 
patients (Adonis R2 = 0.02, P < 0.001) (Figs.  3B and 4B). 
Similar results were obtained based on weighted_UniFrac 
distance (Figs. 3C and 4C).

The composition of microbial communities in the SG 
and PLGC patients from the Changle and Fu’an regions 
are shown in Supplementary Fig.  1 and Supplemen-
tary Table 1). The predominant phyla identified in both 
groups include Proteobacteria, Firmicutes, Bacteroidetes, 
Fusobacteria, and Actinobacteria. Remarkably, within the 
SG group, there was a statistically significant difference 
in the relative abundance of Proteobacteria (P = 0.003), 
with Changle having a lower abundance compared to 
Fu’an. Conversely, the relative abundance of Firmicutes 
(P = 0.030), Bacteroidetes (P = 0.005), and Fusobacteria 
(P = 0.003) was notably higher in Changle than in Fu’an 
(Supplementary Fig. 1A). Conversely, in the PLGC group, 
differences in the microbial community composition 
at the phylum level between Changle and Fu’an regions 
appear less pronounced (Supplementary Fig. 1C).

Table 1 Basic characteristics of the study population
Characteristics Changle Fu’an

SG
(n = 27)

PLGC
(n = 103)

P-value SG
(n = 130)

PLGC
(n = 75)

P-value

Age at endoscopy (years) 49.85 (1.75) 49.87 (1.07) 0.992 49.62 (1.07) 46.65 (1.16) 0.076
Gender 0.149 0.983
 Male 16 (59.26) 45 (43.69) 57 (43.85) 33 (44.00)
 Female 11 (40.74) 58 (56.31) 73 (56.15) 42 (56.00)
Education level 0.950 0.464
 Less than high school 18 (66.67) 68 (66.02) 93 (71.54) 50 (66.67)
 High school or above 9 (33.33) 35 (33.98) 37 (28.46) 25 (33.33)
BMI (kg/m2) 0.529 0.936
 <24 18 (66.67) 75 (72.82) 96 (73.85) 55 (73.33)
 ≥ 24 9 (33.33) 28 (27.18) 34 (26.15) 20 (26.67)
Tabacco smoking 0.048 0.988
 No 19 (70.37) 89 (86.41) 90 (69.23) 52 (69.33)
 Yes 8 (29.63) 14 (13.59) 40 (30.77) 23 (30.67)
Alcohol drinking 0.870 0.682
 No 23 (85.19) 89 (86.41) 120 (92.31) 68 (90.67)
 Yes 4 (14.81) 14 (13.59) 10 (7.69) 7 (9.33)
H. pylori status b 0.049 0.049
 Negative 17 (62.96) 43 (41.75) 67 (51.54) 28 (37.33)
 Positive 10 (37.04) 60 (58.25) 63 (48.46) 47 (62.67)
Gastrin (pg/ml)c 0.182 0.347
 < 32.47 10 (37.04) 50 (51.55) 61 (48.80) 38 (55.88)
 ≥ 32.47 17 (62.96) 47 (48.45) 64 (51.20) 30 (44.12)
aP-values were determined by a 2-sided Student’s t test for age and Chi-squared tests for other variables
bH. pylori status was determined based on 16 S rRNA sequencing
c Gastrin levels were not measured in 18 patients due to insufficient serum samples and divided into two groups based on the median expression level of total 
population
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Subsequent analysis delved into the relative abundance 
of microorganisms at the genus level. The top 10 gen-
era with the highest relative abundance are presented 
in Supplementary Fig.  1B and D. Within the SG group, 
three genera, namely Veillonella, Fusobacterium, and 
Porphyromonas, exhibited significantly higher relative 
abundances in Changle compared to Fu’an. Conversely, 
Ralstonia displayed a marked decrease in relative abun-
dance in Changle (Supplementary Fig. 1B). In the PLGC 
group, Helicobacter emerged as the most abundant genus, 
with no observable disparities between the regions. How-
ever, both Ralstonia and Burkholderia presented notably 
diminished relative abundances in Changle as opposed 
to Fu’an (Supplementary Fig. 1D). Upon further stratifi-
cation into CAG and IM/DYS patients (Supplementary 
Fig.  2A and B), Helicobacter emerged as the predomi-
nant genus in CAG patients, demonstrating a substantial 
decrease in abundance in IM/DYS patients. Noteworthy, 
the relative abundance of Helicobacter exhibited no sig-
nificant variation between the two regions across both 
patient subgroups (Supplementary Table 2).

Next, we identified the most significantly associ-
ated taxa with geographical distribution by using LEfSe 
analysis. At the genus level, a total of 16 taxa exhibited 
significant differences in abundance between Changle 
and Fu’an patients in the SG group. Notably, Veillon-
ella, Porphyromonas, Fusobacterium, Capnocytophaga, 
Leptotrichia, Moraxella, Peptostreptococcus and Sele-
nomonas were markedly enriched in Changle patients, 
whereas Ralstonia, Pseudomonas, Acinetobacter, Achro-
mobacter, Brevundimonas, Stenotrophomonas, Micro-
coccus and Corynebacterium were predominantly found 
in Fu’an patients (Fig. 3D). In the PLGC group, Changle 

patients displayed an increased abundance of Selenomo-
nas, Phascolarctobacterium, Massilia, Peptostreptococ-
cus, Wautersiella and Faecalibacterium, whereas Fu’an 
patients were characterized by a higher prevalence of 
Ralstonia, Pseudomonas, Burkholderia, Treponema, 
Acholeplasma, Stenotrophomonas, Paenibacillus, Cory-
nebacterium and Brevibacillus (Fig.  4D). Additionally, 
even after controlling for smoking, alcohol intake, and 
H. pylori infection with the MaAsLin2 methodology, the 
disparities in the abundance of some gastric microbiota 
between high- and low-risk regions for gastric cancer 
remained significant (FDR adjusted P-value < 0.05, Sup-
plementary Table 3).

Mucosal Microbiome dysbiosis in gastric lesions
We further examined the changes in mucosal bacte-
ria during different histopathological stages of gastric 
carcinogenesis by combining populations from two 
regions. In comparison to SG, the microbial community 
of CAG demonstrated a significant reduction in rich-
ness and evenness, as determined by the Observed ASVs, 
Chao1, Shannon, and Simpson indexes (all P < 0.01). The 
indexes in IM/DYS were similar to those in SG (Supple-
mentary Fig. 3A). Additionally, a notable discrepancy in 
the alpha diversity of gastric microbiota was identified 
among groups classified by alcohol consumption and H. 
pylori status, but not for other examined factors, includ-
ing serum gastrin level (Supplementary Table 4). How-
ever, the association between low alpha diversity and 
increased risk of gastric lesion progression was insignifi-
cant in multivariable ordinal logistic regression analysis 
(Supplementary Table 5). PCoA plots derived from beta 
diversity analysis demonstrate a significant divergence in 

Fig. 2 Rarefaction curves of gastric microbial communities (A); Venn diagram of the ASVs (B)

 



Page 7 of 12Lin et al. BMC Microbiology          (2025) 25:202 

Fig. 3 Diversity analysis for microbial community and genera-specific differences between Changle and Fu’an regions in patients with superficial gas-
tritis (SG). Boxplots of alpha diversity as measured by Observed ASVs, Chao1 richness, Shannon diversity index and Simpson diversity index (calculated 
by Wilcoxon signed-rank test) (A); Beta diversity of the microbial community using PCoA analysis with the Bray-Curtis dissimilarity matrix (B) and the 
weighted_Unifrac metric (C); Linear discriminant analysis Effect Size (LEfSe) identified the most differentially abundant genera between groups (LDA 
score > 3 and P < 0.05) (D)
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Fig. 4 Diversity analysis for microbial community and genera-specific differences between Changle and Fu’an regions in patients with gastric precan-
cerous lesions (PLGC). Boxplots of alpha diversity as measured by Observed ASVs, Chao1 richness, Shannon diversity index and Simpson diversity index 
(calculated by Wilcoxon signed-rank test) (A); Beta diversity of the microbial community using PCoA analysis with the Bray-Curtis dissimilarity matrix (B) 
and the weighted_Unifrac metric (C); Linear discriminant analysis Effect Size (LEfSe) identified the most differentially abundant genera between groups 
(LDA score > 3 and P < 0.05) (D)
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overall microbial composition among the three patient 
groups (P < 0.001 for Bray-Curtis distances; P < 0.001 for 
weighted_UniFrac distances) (Supplementary Fig. 3B and 
3 C).

As illustrated in Supplementary Fig.  4, our examina-
tion of the changing trend in the top 10 genera through-
out disease stages reveals that none of them displayed 
a sustained and consistent change in abundance from 
SG to IM/DYS. Utilizing LEfSe analysis to discern taxa 
significantly enriched among disease stages, we found 
Pseudomonas, Acinetobacter, Micrococcus, Brevibacil-
lus, and Cupriavidus to be the most enriched genera in 
SG patients. Specifically, Helicobacter and Ammoniphilus 
were significantly enriched in CAG patients, while five 
genera, including Prevotella, Fusobacterium, Treponema, 

Campylobacter and Acholeplasma, were significantly 
enriched in IM/DYS patients (Supplementary Fig. 3D).

We further assessed the effect of environmental factors 
on the gastric microbiota using RDA analysis. The result 
showed that H. pylori status, area of residence, and gas-
tric lesion severity had the most significant effects on the 
gastric microbiota (Fig. 5 and Supplementary Table 6).

Discussion
In this study, we meticulously analyzed the composition 
of gastric microorganisms in patients displaying diverse 
gastric lesions from regions characterized by high and 
low risks of gastric cancer. Our primary findings indicate 
a lack of significant disparity in alpha diversity among 
SG patients across the two regions. Nevertheless, we 

Fig. 5 Redundancy analysis (RDA) showing the relationship between gastric microbial composition and environment factors. The correlation between 
environment factors and RDA axes is represented by the length and angle of arrows
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observed a marked elevation in microbial community 
richness, based on observed ASV and Chao1 indices, in 
PLGC patients from the low-risk Fu’an region compared 
to their counterparts in the high-risk Changle region. 
Beta diversity exhibited notable distinctions between 
patients in these distinct regions. Additionally, we suc-
cessfully discerned specific bacterial genera linked to 
gastric lesions across diverse geographic locations. Fur-
thermore, our observations suggest a correlation between 
microbial dysbiosis and gastric lesion progression. These 
discoveries bear profound implications for advancing our 
comprehension of the contributions of gastric microbiota 
toward the development of gastric lesions within both 
high- and low-risk areas for GC.

In spite of comparable rates of H. pylori infection in 
Changle, identified as a high-risk area for gastric cancer 
(GC), and Fu’an, acknowledged as a low-risk area, the 
occurrence of GC is notably reduced in Fu’an. This incon-
sistency strongly indicates that additional factors, aside 
from H. pylori infection, are involved in the development 
of GC [22]. Our study reveals no substantial disparity in 
alpha diversity between patients with SG in both regions, 
which may be due to the fact that the early stage of gas-
tric disease is primarily associated with H. pylori infec-
tion [23]. However, among patients with PLGC, there 
are notable differences in the diversity and structure of 
gastric microbial communities between the two areas. 
Moreover, we identified distinct bacterial genera asso-
ciated with PLGC in each region, suggesting that these 
specific microbial constituents may influence the pro-
gression of gastric lesions differently, ultimately leading 
to the observed disparity in GC incidence.

Previous research has highlighted the intricate inter-
action between H. pylori and the gastric microbiota in 
modulating inflammation and carcinogenesis [23–25]. 
Certain microorganisms, such as Prevotella, Bacillus, and 
Lactobacillus, have been documented to play a role in the 
pathogenesis of GC [13, 26–28]. In a study comparing H. 
pylori-positive individuals from two regions in Colom-
bia with high and low GC risk, Neisseria and Streptococ-
cus were found to be more abundant in the low-risk area 
[29]. However, in our study, we did not observe a signifi-
cant variance in the abundance of Neisseria and Strepto-
coccus among patients with SG or PLGC in both regions. 
Instead, we identified six genera, including Selenomonas 
and Peptostreptococcus, that were enriched in PLGC 
patients from Changle. Selenomonas, as an oral bacte-
rium, was continuously enriched from SG to GC [26]. 
Analysis revealed a profound shift in the gastric micro-
biota composition within the tumoral group, with certain 
bacterial species demonstrating significant correlations 
to immunosuppressive cells in the tumor microenviron-
ment. Notably, Selenomonas exhibits a marked increase 
in the tumoral group relative to the peritumoral group 

and showed a positive correlation with Foxp3+ regula-
tory T cells, which lead to tumor escape from immune 
surveillance [30]. Operational taxonomic units (OTUs) 
identified as Peptostreptococcus were observed to be 
markedly enriched in the GC relative to precancerous 
stages, exhibiting a strengthening co-occurrence net-
work with the advancement of the disease [20]. It has 
been established that the onset of atrophy or IM is cor-
related with an increased prevalence of Peptostreptococ-
cus species, particularly in the absence of H. pylori [31]. 
Furthermore, Peptostreptococcus anaerobius has been 
implicated in the promotion of colorectal carcinogenesis 
and the modulation of tumor immunity [32]. It is plau-
sible that the differential abundance of such bacteria in 
Changle and Fu’an could partially explain the divergent 
cancer rates.

Our findings align with an increasing amount of evi-
dence suggesting that alterations in the gastric micro-
biota are associated with the progression from initial 
gastric lesions to GC. The findings of a study conducted 
in Mexico revealed a decline in microbial diversity pro-
gressing from non-atrophic gastritis to IM and intestinal-
type GC. Furthermore, principal component analysis 
illuminated a distinct separation in the microbial profiles 
between GC patients and individuals with non-atrophic 
gastritis, while the microbial composition of those with 
IM exhibited some degree of overlap with both afore-
mentioned groups [27]. A prospective cohort study car-
ried out in Linqu County, China, illustrated substantial 
variations in microbial diversity and community struc-
ture across different gastric lesions, identifying specific 
bacterial genera linked to these alterations [13]. Simi-
larly, in this study, we observed a significant decrease in 
microbial richness and evenness in the CAG group com-
pared to SG and a distinct overall microbial composition 
among SG, CAG, and IM/DYS patients. These findings 
suggest that the influence of gastric microbiota changes 
on the progression of gastric lesions may be more pro-
found in populations residing in high-risk areas for 
GC. Nevertheless, our research failed to establish a link 
between decreased microbial diversity and an elevated 
risk of PLGC, possibly due to the relatively modest sam-
ple size of this study. While our study primarily focused 
on describing the microbial differences across geographic 
regions and gastric lesion stages, the clinical significance 
of these findings cannot be overstated. For instance, the 
presence or abundance of these bacteria could poten-
tially serve as biomarkers for early detection of gastric 
cancer, especially in high-risk populations. Furthermore, 
understanding the mechanisms by which these bacte-
ria contribute to gastric carcinogenesis may lead to the 
development of novel therapeutic strategies targeting the 
gastric microbiome. Future studies should focus on vali-
dating these findings in larger cohorts and exploring the 
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feasibility of using these bacterial markers as diagnostic 
or prognostic tools in clinical practice.

Results obtained from the RDA analysis enabled a com-
prehensive assessment of how environmental variables 
influence the composition of the gastric microbiota. Our 
results indicate that H. pylori status, area of residence, 
and gastric lesion severity are the most significant deter-
minants of the composition of the gastric microbiota. 
This is consistent with previous studies which showed H. 
pylori infection can alter the composition of the gastric 
microbiota, resulting in an elevated presence of poten-
tially deleterious bacteria and a concurrent reduction 
in beneficial bacterial populations [12]. Furthermore, 
our results confirm the distinctive microbial profiles 
observed in patients residing in regions with a high risk 
for GC when compared with those in lower-risk areas, 
suggesting a likely contribution of environmental fac-
tors, encompassing dietary patterns, other lifestyle fac-
tors, and exposure to pollutants, in driving gastric lesion 
progression through alterations in the gastric microbiota 
[33, 34]. Noteworthy differences in the microbial com-
position are also discerned between patients presenting 
with varying degrees of lesion severity, possibly attribut-
able to changes in the gastric microenvironment elicited 
by the lesions themselves, including heightened acidity or 
inflammatory responses that may influence certain bacte-
rial proliferation [35].

In the present study, we investigated the relationship 
between intragastric pH, as reflected by serum gastrin 
levels, and gastric microbiota composition in patients 
with different gastric conditions. Our findings demon-
strate that serum gastrin levels, measured using ELISA 
as a surrogate marker for gastric hypoacidity, did not sig-
nificantly differ between patients with SG and those with 
PLGC across both the Changle and Fu’an regions. When 
participants were stratified into low and high gastrin 
level groups, no significant differences in alpha diversity 
metrics of the gastric microbiota were detected between 
the two groups. These findings suggest that, in our study 
population, intragastric pH may not be a primary deter-
minant of gastric microbiota composition.

While our study provides valuable insights into the 
gastric microbiota in relation to gastric lesions, several 
limitations warrant consideration. The generalizabil-
ity of our findings may be constrained by the relatively 
modest sample size and the cross-sectional study design. 
Longitudinal studies are imperative for elucidating the 
temporal dynamics of microbial changes throughout the 
process of gastric carcinogenesis. Moreover, although we 
have adjusted for smoking, alcohol consumption, and H. 
pylori infection using MaAsLin2, the potential confound-
ing effects of dietary habits, living conditions, and socio-
economic factors cannot be fully excluded. Future studies 
should aim to collect comprehensive data on these and 

other relevant lifestyle factors to allow for more robust 
analyses and to better understand the complex interplay 
between environmental factors, gastric microbiota, and 
GC development. Additionally, regarding the relatively 
high proportion of H. pylori-negative patients with gas-
tritis or premalignant changes in our study, we emphasize 
that the prevalence and incidence of H. pylori infection 
can vary within different regions and subpopulations. 
Furthermore, other factors such as age, diet, and genetic 
susceptibility may also influence the development of gas-
tritis or premalignant changes in the absence of H. pylori 
infection. While our results may not be generalizable 
to all Chinese populations, they highlight the complex-
ity of gastric microbiota and its relationship with gastric 
lesions, which warrants further investigation.

In conclusion, while H. pylori infection remains a criti-
cal factor in gastric carcinogenesis, our findings under-
score the importance of considering the broader gastric 
microbiota in understanding regional differences in GC 
incidence. This provides a clue for explaining variations 
in GC incidence across different regions. Future research 
should aim to elucidate the exact mechanisms by which 
specific microbial taxa contribute to gastric disease pro-
gression, and whether modulating the gastric microbiota 
can serve as a preventive or therapeutic strategy for GC.

Supplementary information
The online version contains supplementary material available at  h t t p s :   /  / d o  i .  o r  
g  /  1 0  . 1 1   8 6  / s 1 2  8 6 6 -  0 2 5 - 0  3 9 2 6 - 4.

Supplementary Material 1

Author contributions
WY and FC designed the study. LL, MZ and XG were responsible for field 
investigation. LL and WL conducted the laboratory work. LL, WL and LY 
performed data curation and analysis. WY, FC, LL, WL and LY were involved in 
interpretation of results. WL and LY drafted the manuscript, and all authors 
revised it for important intellectual content.

Funding
This study was funded by Joint Funds for the Innovation of Science and 
Technology, Fujian Province, under Grant: No.2019Y9083; National Key 
Clinical Specialty Construction Projects of Fujian Province, China, under Grant: 
No.2023 − 1594; High-level Talents Research Start-up Project of Fujian Medical 
University, under Grant: No. XRCZX2020037, No. XRCZX2023030).

Data availability
The original data was deposited in the BIG Sub database in the National 
Genomics Data Center, Beijing Institute of Genomics, Chinese Academy of 
Sciences, and China National Center for Bioinformation, under Accession 
Number: PRJCA028994.

Declarations

Ethics approval and consent to participate
The research protocol received approval from the Ethics Committee of Fujian 
Medical University Union Hospital under reference number 2017KY064. 
Written informed consent was obtained from all participants involved in the 
study. The research was carried out in compliance with the Declaration of 
Helsinki.

https://doi.org/10.1186/s12866-025-03926-4
https://doi.org/10.1186/s12866-025-03926-4


Page 12 of 12Lin et al. BMC Microbiology          (2025) 25:202 

Consent for publication
Not applicable.

Competing interests
No potential conflict of interest was reported by the authors.

Received: 17 August 2024 / Accepted: 24 March 2025

References
1. Sung H, et al. Global cancer statistics 2020: GLOBOCAN estimates of inci-

dence and mortality worldwide for 36 cancers in 185 countries. CA Cancer J 
Clin. 2021;71(3):209–49.

2. Bray F, et al. Global cancer statistics 2018: GLOBOCAN estimates of incidence 
and mortality worldwide for 36 cancers in 185 countries. CA Cancer J Clin. 
2018;68(6):394–424.

3. Pereira C, et al. Comparison of East-Asia and West-Europe cohorts explains 
disparities in survival outcomes and highlights predictive biomarkers of early 
gastric cancer aggressiveness. Int J Cancer. 2022;150(5):868–80.

4. Katoh H, Ishikawa S. Lifestyles, genetics, and future perspectives on gastric 
cancer in East Asian populations. J Hum Genet. 2021;66(9):887–99.

5. Han B, et al. Cancer incidence and mortality in China, 2022. J Natl Cancer 
Cent. 2024;4(1):47–53.

6. Majewski M, et al. Microbiota and the immune System-Actors in the gastric 
cancer story. Cancers (Basel). 2022;14(15):3832.

7. Hardbower DM, Peek RM Jr., Wilson KT. At the bench: Helicobacter pylori, 
dysregulated host responses, DNA damage, and gastric cancer. J Leukoc Biol. 
2014;96(2):201–12.

8. Crowe SE. Helicobacter pylori infection. N Engl J Med. 2019;380(12):1158–65.
9. Kumar S, Patel GK, Ghoshal UC. Helicobacter pylori-Induced inflamma-

tion: possible factors modulating the risk of gastric cancer. Pathogens. 
2021;10(9),1099.

10. Correa P. Human gastric carcinogenesis: a multistep and multifactorial 
process–First American cancer society award lecture on cancer epidemiology 
and prevention. Cancer Res. 1992;52(24):6735–40.

11. Yamamoto Y, et al. Helicobacter pylori-negative gastric cancer: characteristics 
and endoscopic findings. Dig Endosc. 2015;27(5):551–61.

12. Noto JM, Peek RM Jr. The gastric microbiome, its interaction with Helico-
bacter pylori, and its potential role in the progression to stomach cancer. 
PLoS Pathog. 2017;13(10):e1006573.

13. Kadeerhan G, et al. Microbiota alteration at different stages in gastric lesion 
progression: a population-based study in Linqu, China. Am J Cancer Res. 
2021;11(2):561–75.

14. Ndegwa N, et al. Gastric microbiota in a Low-Helicobacter pylori prevalence 
general population and their associations with gastric lesions. Clin Transl 
Gastroenterol. 2020;11(7):e00191.

15. Bolyen E, et al. Reproducible, interactive, scalable and extensible Microbiome 
data science using QIIME 2. Nat Biotechnol. 2019;37(8):852–7.

16. Callahan BJ, et al. DADA2: High-resolution sample inference from illumina 
amplicon data. Nat Methods. 2016;13(7):581–3.

17. DeSantis TZ, et al. Greengenes, a chimera-checked 16S rRNA gene 
database and workbench compatible with ARB. Appl Environ Microbiol. 
2006;72(7):5069–72.

18. Price MN, Dehal PS, Arkin AP. FastTree 2–approximately maximum-likelihood 
trees for large alignments. PLoS ONE. 2010;5(3):e9490.

19. Liu C, et al. Microeco: an R package for data mining in microbial community 
ecology. FEMS Microbiol Ecol. 2021;97(2):fiaa255.

20. Coker OO, et al. Mucosal Microbiome dysbiosis in gastric carcinogenesis. Gut. 
2018;67(6):1024–32.

21. Zhao Y, et al. Helicobacter pylori infection alters gastric and tongue coating 
microbial communities. Helicobacter. 2019;24(2):e12567.

22. Barra WF, et al. Gastric Cancer Microbiome Pathobiology. 2021;88(2):156–69.
23. Ferreira RM, et al. Gastric microbial community profiling reveals a dysbiotic 

cancer-associated microbiota. Gut. 2018;67(2):226–36.
24. Lertpiriyapong K, et al. Gastric colonisation with a restricted commensal 

microbiota replicates the promotion of neoplastic lesions by diverse intes-
tinal microbiota in the Helicobacter pylori INS-GAS mouse model of gastric 
carcinogenesis. Gut. 2014;63(1):54–63.

25. Lofgren JL, et al. Lack of commensal flora in Helicobacter pylori-infected INS-
GAS mice reduces gastritis and delays intraepithelial neoplasia. Gastroenter-
ology. 2011;140(1):210–20.

26. Zhang X, et al. Alterations of gastric microbiota in gastric cancer and precan-
cerous stages. Front Cell Infect Microbiol. 2021;11:559148.

27. Aviles-Jimenez F, et al. Stomach microbiota composition varies between 
patients with non-atrophic gastritis and patients with intestinal type of 
gastric cancer. Sci Rep. 2014;4:4202.

28. Wang L, et al. Bacterial overgrowth and diversification of microbiota in gastric 
cancer. Eur J Gastroenterol Hepatol. 2016;28(3):261–6.

29. Yang I, et al. Different gastric microbiota compositions in two human 
populations with high and low gastric cancer risk in Colombia. Sci Rep. 
2016;6:18594.

30. Ling Z, et al. Regulatory T cells and plasmacytoid dendritic cells within the 
tumor microenvironment in gastric cancer are correlated with gastric micro-
biota dysbiosis: A preliminary study. Front Immunol. 2019;10:533.

31. Sung JJY, et al. Gastric microbes associated with gastric inflammation, 
atrophy and intestinal metaplasia 1 year after Helicobacter pylori eradication. 
Gut. 2020;69(9):1572–80.

32. Long X, et al. Peptostreptococcus anaerobius promotes colorectal carcino-
genesis and modulates tumour immunity. Nat Microbiol. 2019;4(12):2319–30.

33. Gunathilake M, et al. Effect of the interaction between dietary patterns 
and the gastric Microbiome on the risk of gastric cancer. Nutrients. 
2021;13(8):2692.

34. Wang K, et al. Synergistic effects of low-dose arsenic and N-methyl-N’-nitro-
N-nitrosoguanidine co-exposure by altering gut microbiota and intestinal 
metabolic profile in rats. Ecotoxicol Environ Saf. 2023;263:115195.

35. Stewart OA, Wu F, Chen Y. The role of gastric microbiota in gastric cancer. Gut 
Microbes. 2020;11(5):1220–30.

Publisher’s note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations.


	Comparison of gastric microbiota in patients with different gastric lesions in high and low risk areas of gastric cancer
	Abstract
	Background
	Materials and methods
	Study population and sample collection
	DNA extraction and sequencing
	Detection of serum gastrin
	Sequencing data processing
	Statistical analysis

	Results
	Basic characteristics of study participants
	Summary of sequencing data
	The gastric microbiota profile in SG and PLGC patients differs across regions
	Mucosal Microbiome dysbiosis in gastric lesions

	Discussion
	References


